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Simple Summary: Breast cancer, the second-leading cause of mortality among women worldwide, is
often diagnosed through invasive tissue sampling. This method may not fully represent the tumor’s
overall physiology, potentially leading to suboptimal treatment strategies and tumor recurrence. A
non-invasive approach using MRI to quantify the hypoxic environment within the tumor could signif-
icantly enhance the accuracy of breast-cancer-subtype prediction. Our study introduces non-invasive
imaging markers for hypoxia and related angiogenesis, utilizing hyperoxic-blood-oxygen-level-
dependent (BOLD)-MRI and intravoxel-incoherent-motion (IVIM)-MRI techniques. These markers
correlate with microvessel density and maturity as assessed by histology, enabling the distinction
between the less aggressive luminal A and the more aggressive triple-negative breast cancers.

Abstract: Tumor neoangiogenesis is an important hallmark of cancer progression, triggered by
alternating selective pressures from the hypoxic tumor microenvironment. Non-invasive, non-
contrast-enhanced multiparametric MRI combining blood-oxygen-level-dependent (BOLD) MRI,
which depicts blood oxygen saturation, and intravoxel-incoherent-motion (IVIM) MRI, which cap-
tures intravascular and extravascular diffusion, can provide insights into tumor oxygenation and
neovascularization simultaneously. Our objective was to identify imaging markers that can predict
hypoxia-induced angiogenesis and to validate our findings using multiplexed immunohistochemical
analyses. We present an in vivo study involving 36 female athymic nude mice inoculated with lumi-
nal A, Her2+, and triple-negative breast cancer cells. We used a high-field 9.4-tesla MRI system for
imaging and subsequently analyzed the tumors using multiplex immunohistochemistry for CD-31,
PDGFR-β, and Hif1-α. We found that the hyperoxic-BOLD-MRI-derived parameter ∆R2* discrimi-
nated luminal A from Her2+ and triple-negative breast cancers, while the IVIM-derived parameter
fIVIM discriminated luminal A and Her2+ from triple-negative breast cancers. A comprehensive
analysis using principal-component analysis of both multiparametric MRI- and mpIHC-derived data
highlighted the differences between triple-negative and luminal A breast cancers. We conclude that
multiparametric MRI combining hyperoxic BOLD MRI and IVIM MRI, without the need for contrast
agents, offers promising non-invasive markers for evaluating hypoxia-induced angiogenesis.
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1. Introduction

Breast cancer is recognized for its significant intratumoral heterogeneity, driven by
high phenotypic plasticity and dynamic selective pressures from the hypoxic tumor mi-
croenvironment [1–3]. In 2022, phenotypic plasticity was identified as a central hallmark
of cancer progression [4,5]. Despite this heterogeneity, treatment decisions often rely on
invasive tissue sampling, which does not necessarily capture the biology of the entire tumor,
therefore leading to inadequate treatment plans [6].

Hypoxia, or the insufficient supply of oxygen within certain tumor regions, is a key
factor in the tumor microenvironment that drives the malignant potential of the tumor [7–9].
From the need to react to alternating selective pressures of the hypoxic tumor microenviron-
ment, breast cancers invoke the co-adaptive angiogenic switch, characterized by the growth
of microvessels to counteract hypoxic conditions [10]. Hypoxia-induced angiogenesis and
increased microvessel density are recognized as crucial prognostic biomarkers in breast
cancer [11,12]. The accumulation of hypoxia-inducible factor 1 (Hif1-α), a primary driver
of angiogenesis through the activation of factors like vascular endothelial growth factors
(VEGFs), is associated with tumor progression and the emergence of aggressive, treatment-
resistant breast cancers of the triple-negative breast-cancer molecular subtype [13–19].

Efforts have been made to develop imaging markers of hypoxia-induced angiogenesis
that are prognostic of the breast-cancer malignant potential and that allow the non-invasive
characterization of breast cancers in its entirety [20,21]. Multiparametric MRI (mpMRI), uti-
lizing various functional parameters, offers detailed insights into cancer hallmarks [21–24].
The development of novel mpMRI protocols using techniques that are independent of
the application of gadolinium-based contrast agents (GBCA) may promote the use of
non-contrast-enhanced mpMRI protocols for breast-cancer characterization.

In this study, we combined two non-invasive, non-contrast-enhanced MRI techniques,
blood-oxygen-level-dependent (BOLD) MRI and intravoxel-incoherent-motion (IVIM) MRI,
into an mpMRI protocol to investigate the potential of imaging parameters from both
techniques to map the delivery of oxygen within breast cancers [25–27]. BOLD MRI is
dependent on the ratio of oxygenized and deoxygenized hemoglobin, which induces
susceptibility gradients and alters the transverse relaxation rate R2* of nearby protons [28].
The dependency of BOLD-MRI signal on blood oxygenation is most frequently associated
with brain functional MRI studies, where a signal change is associated with regional brain
activity [29,30]. To introduce diagnostic variation into the measurement of tumor R2*, so-
called “hyperoxic gas challenges” are performed. The decrease in R2* following a hyperoxic
gas challenge with up to 100% oxygen in the breathing gas is proportional to the increased
oxygenation of hemoglobin and therefore highlights tumor regions with functional blood
oxygen delivery. Meanwhile, IVIM MRI, a diffusion-weighted-imaging (DWI) technique,
distinguishes between extravascular and intravascular proton diffusion [31,32]. Routinely
used DWI protocols, which include b-values between 300 s/mm2 and 1000 s/mm2, enable
a quantification of the apparent diffusion coefficient, a surrogate marker of tissue cellularity,
via the signal decrease due to random proton diffusion. Following the measurement of
b-values lower than 300 s/mm2 in IVIM-MRI protocols, the non-random, microvascular
diffusion contributes predominantly to the signal loss, and the perfusion-related IVIM
fraction fIVIM and perfusion coefficient D* can be estimated. IVIM MRI has been used to
differentiate malignant breast lesions from healthy tissue [33–36] and appears to provide
promising imaging markers of angiogenesis in breast cancer.

Of note, the validation of in vivo imaging markers obtained through mpMRI can
be enhanced by further comparing MRI parameter maps with fluorescent multiplexed
immunohistochemistry (mpIHC). Unlike traditional singleplex immunohistochemistry,
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mpIHC can display up to ten histological markers on the same tissue section [37]. In our
study, we therefore selected CD31 and PDGFR-β as microvasculature-specific mpIHC mark-
ers and Hif1-α as a hypoxia-specific mpIHC marker to validate our findings concerning
in vivo imaging markers.

Our specific aim in this study was to identify prognostic imaging markers of hypoxia-
induced angiogenesis in xenograft mouse models of three breast-cancer molecular subtypes
and to compare these findings with mpIHC staining. More generally, we introduce a
novel approach for non-contrast-enhanced mpMRI, sensitive to both the oxygen delivery
to tumor subregions and hypoxia-induced neoangiogenesis. This approach may provide
predictive insights into breast-cancer molecular subtypes.

2. Materials and Methods
2.1. Breast-Cancer Xenograft Model

This preclinical investigation received approval from the Austrian Federal Ministry of
Education, Science and Research under the project number BMFWF-66.009/0284-WF/V/3b/
2017. All procedures in this study adhered to the guidelines outlined in the European
Community’s Council Directive of 22 September 2010 (2010/63/EU). Breast cancer cell
lines representing different molecular subtypes, including luminal A (MCF-7), Her2+
(SKBR-3), and triple-negative (MDA-MB-231), were obtained from the American Type
Culture Collection in Manassas, VA, USA. These cell lines were cultured in a controlled
environment at 37 ◦C, 95% humidity, and 5% atmospheric CO2. The aggressiveness of
these breast cancer cell lines was categorized as low (MCF-7, luminal A), medium (SKBR-3,
Her2-neu positive non-luminal), or high (MDA-MB-231, triple-negative). MCF-7 cells
were maintained in RPMI medium from Thermo Fisher Scientific, Waltham, MA, USA,
while SKBR-3 and MDA-MB-231 cells were cultured in Dulbecco’s Modified Eagle Medium
(DMEM) from the same supplier. All cell culture media were supplemented with 10% fetal
bovine serum and 2% penicillin/streptomycin.

For the animal study, BALB/c mice (n = 36), aged approximately 4–6 weeks, were
obtained from Charles River in Wilmington, MA, USA. Female mice were inoculated with
2 × 107 breast cancer cells representing the three molecular subtypes (MCF-7, n = 16; SKBR-
3, n = 10; MDA-MB-231, n = 10) into their flank. To support the growth of luminal A
breast cancer cells in the mice, estrogen pellets (0.72 g/60-day release, Innovative Research
of America, Sarasota, FL, USA) were implanted in the neck area. Tumors were allowed
to grow for 1–2 weeks until they reached suitable volumes for mpMRI analysis, with a
maximum tumor diameter of 1.0 cm.

Since some mpMRI data had to be excluded due to motion artifacts and since mpIHC
data were not available for all mice due to processing issues, the sample sizes for BOLD
MRI, IVIM MRI, and mpIHC varied.

2.2. Experimental Setup

All mpMRI examinations were performed using a 9.4-tesla Bruker BioSpec 94/30 USR
system (Bruker, Ettlingen, Germany). Anesthesia, as well as vital parameter monitoring,
were performed as described previously [27]. For oxygen-enhanced BOLD-MR images, the
fraction of oxygen in the anesthetic gas was elevated to 100% using an air–oxygen blender
(Sensor Medics Corporation, Yorba Lina, CA, USA). After the MRI experiments, mice were
euthanized via cervical dislocation, and tumors were harvested for histological analyses.

2.3. mpMRI Protocol

T1 mapping was performed to obtain anatomical reference images of the breast cancer
xenografts using a 2D RARE sequence with variable repetition times (VTR: 1472 ms,
2000 ms, 3000 ms, 4000 ms, 5000 ms, 7000 ms, 8000 ms, and 9000 ms; echo time (TE):
21.0 ms, matrix size: 128 × 128 pixels; number of slices: 10; slice thickness: 1 mm; spatial
resolution: 0.278 × 0.222 mm; acquisition time: 16 min).
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For BOLD MRI, T2* maps were acquired using a multi-gradient echo sequence (TR:
850 ms; TE: 14 echoes from 7–34.47 ms with an interval of 2.11 ms; matrix size: 128 × 128;
number of slices: 10; slice thickness: 1 mm; spatial resolution: 0.278 × 0.222 mm; acquisition
time for 3 cycles: 4 min). The measurement cycles were repeated three times for baseline
BOLD acquisitions (using 21% oxygen) and challenged BOLD measurements (using 100%
oxygen). Using the built-in image-sequence-analysis tool of the ParaVision 7 software suite
(Bruker, Ettlingen, Germany), T2* maps were obtained.

IVIM-MRI measurements were conducted using a series of echo-planar-imaging (EPI)-
based scan acquisitions (TR: 3200 ms; TE: 19.0 ms; matrix size: 81 × 154 pixels; slice
thickness: 1 mm) at 16 different diffusion weightings, i.e., b-values (0, 68, 85, 117, 132, 189,
332, 520, 615, 709, 803, 897, 993, 1093, 1193, 1492, and 1791 s/mm2). The b-values were
chosen to homogenously spread a range of b-values capturing, on one end, the non-linear
signal decrease at low b-values (for the calculation of IVIM-related parameters D* and
fIVIM) and, on the other end, the linear signal decrease at intermediate diffusion weightings
(for the calculation of the diffusion coefficient D).

2.4. Tumor Resection and Fluorescent mpIHC

Following excision, to maintain the exact anatomical position of breast cancer tumors,
the left, right, and dorsal sides of each breast cancer tumor were marked using different-
colored tissue dyes (Epredia™ Shandon™ Tissue-Marking Dyes, Fisher Scientific, Hampton,
NH, USA). Then, the breast cancer tumors were cut in halves matching the same axial
cutting plane that was measured on mpMRI. Sliced breast cancer tumors were then fixed in
4% formaldehyde (ROTI® Histofix, Roth, Karlsruhe, Germany) for 24 h before being placed
in 70% EtOH for storage at 4 ◦C. Subsequently, the fixed samples were paraffin-embedded
and cut in 3 µm slice thickness. Fluorescent mpIHC was performed by CBmed, Graz,
Austria. The slices were stained for CD31 PDGFR-β and Hif1-α. CD-31 is an established
staining target of vessel-forming endothelial cells that has previously been used as an
ex vivo biomarker for microvessel density in breast cancer [38,39]. PDGFR-β plays a
pivotal role in the maturation of blood vessels: endothelial cells presenting PDGFR-like
receptors are involved in the recruitment of pericytes, increasing pericyte density at newly
formed blood vessels, which increases blood-vessel contractility to allow continuous blood
flow [40–44]. Lastly, Hif1-α was included in the staining protocol as a direct ex vivo
biomarker of hypoxia [45,46].

2.5. Imaging Post-Processing
2.5.1. BOLD MRI

A detailed description of the results for BOLD MRI in this sample of mice has been
published previously by our group [27]. BOLD parameter maps for baseline (21% O2) and
challenged (100% O2) calculations were generated using MATLAB code (MATLAB version
R2018a) developed in-house. Firstly, parameter maps for the T2* relaxation rate, R2*, were
calculated as the inverse of T2*. Secondly, average parameter maps (R2

∗
avg(baseline)) over

three baseline scans were generated. Thirdly, the voxel-wise difference between the chal-
lenged and the averaged baseline scans was calculated for each challenged measurement
cycle separately using the following equation:

∆R2
* = R2

*
(100) − R2

*
avg(baseline) (1)

where R2
∗
(100) corresponds to the challenged BOLD measurement at 100% oxygen, while

R2
∗

avg(baseline) corresponds to the averaged baseline measurement.

Lastly, in order to discriminate responsive from non-responsive voxels, ∆R2
∗ parame-

ter maps were filtered according to the following equation proposed by Yang et al. 2020:

|∆R2
∗|
{
< 2 ∗ SD(∆R2

∗
21%) : non − responsive

> 2 ∗ SD(∆R2
∗

21%) : responsive
(2)
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where SD(∆R2
∗

21%) refers to the standard deviation of R2* in each voxel over the three
measurement cycles during baseline image acquisition. Following these calculations, only
responsive voxels were included in the subsequent analyses, which were performed using
the ITK-SNAP (version 3.6.0) software. Regions of interest (ROIs) were drawn on the slice
including the largest tumor diameter and the least artifacts from breathing motion, while
avoiding obvious necrotic tumor regions identified on the corresponding slice in anatomical
reference images.

2.5.2. IVIM MRI

Bruker raw image datasets of IVIM-MRI acquisitions were converted into an FMRIB
Software Library (FSL) dataset using the MRIcroGL (version 1.2.20210317) tool. DWI data
were analyzed using the MITKdiffusion (version 1.2.0, German Cancer Research Center,
Heidelberg, Germany) tool. To generate IVIM-MRI parameter maps, data were fitted using
a segmented fitting approach: All signal values above a b-value of 350 s/mm2 were used
in an initial fit to obtain parameter maps for the diffusion coefficient D, as well as the IVIM
fraction fIVIM. Next, signal values below 350 s/mm2 were fitted to obtain the perfusion
coefficient D*. Then, two-dimensional ROIs were placed onto the parameter maps in the
center of the tumor, excluding cystic and necrotic areas identified on reference T1-weighted
anatomical reference images. The selection of the respective slice was based on the slice
selection on the BOLD-MRI images. For visualization, IVIM- and BOLD-MRI parameter
maps were coregistered with the T2-weighted anatomical reference image using the pmod
(version 4.3) tool.

2.5.3. Fluorescent mpIHC

Histological sections that were multiplex-stained for CD31, PDGFR-β, and Hif1-α were
analyzed using the Halo module HighPlex FL (version 3.2.1, Indica Labs, Albuquerque,
NM, USA). The total number of cells and the number of stained cells were quantified to
calculate the fraction of positively stained cells for each histological marker.

2.6. Statistical Analysis

All statistical analyses were performed using the RStudio (version 1.2.5033) software.
To assess differences among breast-cancer molecular subtypes for each in vivo and ex vivo
imaging parameter, Kruskal–Wallis inferential testing was applied, followed by Benjamini–
Hochberg post hoc p-value adjustment. Comparisons with a p-value < 0.05 were considered
statistically significant. Multiparametric analysis of histological and MRI parameters was
conducted using principal-component analysis (PCA).

3. Results
3.1. IVIM-MRI and BOLD-MRI Parameter Maps

Breast cancer xenograft tumors grew to an average maximal diameter of 7.1 ± 1.9 mm
in luminal A breast cancers, 7.8 ± 2.3 mm in Her2+ breast cancers, and 7.9 ± 1.6 mm in
triple-negative breast cancers.

An exemplary illustration of IVIM-MRI and BOLD-MRI parameter maps for a luminal
A breast cancer xenograft tumor, as well as the corresponding hematoxylin-and-eosin
(H&E)-stained histological section, are shown in Figure 1. Note that the IVIM-MRI parame-
ter maps were prone to distortion because of the EPI sequence used for their measurement.
The BOLD-MRI parameter map only shows pixels that were identified as responsive to the
hyperoxic gas challenge according to the classification described above.
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Figure 1. Exemplary parameter maps and a hematoxylin-and-eosin (H&E)-stained tissue section
of a luminal A breast cancer xenograft tumor. T2-weighted image used for anatomical reference.
The white arrow indicates the location of the tumor (a). Parameter maps of the IVIM-MRI-derived
diffusion coefficient D (b), the IVIM-MRI fraction fIVIM (c), and the perfusion coefficient D* (d),
masked onto the anatomical reference image. The BOLD-MRI-related parameter map for ∆R2*
during the first of three measurement cycles, masked onto the anatomical reference image (e). An
H&E-stained tissue section of the tumor (f).

3.2. mpMRI

Table 1 presents the summary statistics of BOLD-MRI and IVIM-MRI parameters (all
values in median, interquartile range) across breast-cancer molecular subtypes.

Table 1. Summary statistics (median, interquartile range) for multiparametric MRI (BOLD-MRI
and IVIM-MRI) parameters (D, fIVIM, D*, and ∆R2*) for luminal A, Her2+, and triple-negative
breast cancers.

Subtype
IVIM MRI BOLD MRI

D (10−3 mm2/s) fIVIM (%) D* (mm2/s) ∆R2*

Luminal A 0.6350, 0.034 35.3, 8.6 0.0487, 0.026 −28.42, 24.35
Her2+ 0.5985, 0.00673 33.8, 9.1 a 0.0343, 0.042 −2.85, 21.95 †

Triple-negative 0.6240, 0.0063 19.5, 11.9 0.0468, 0.011 −11.64, 9.15 †
a Within a column, superscripts indicate statistically significant differences from triple-negative breast cancers
(p < 0.05). † within a column, a dagger indicates statistically significant differences from luminal A breast cancers
(p < 0.001).

3.2.1. BOLD-MRI

The BOLD-MRI-related parameter ∆R2*, a surrogate marker for oxygen delivery via
the blood, exhibited significant differences between luminal A and triple-negative breast
cancers, as well as between Her2+ and triple-negative breast cancers (both p < 0.001; see
Table 1). Figure 2d illustrates the differences in ∆R2* between breast-cancer molecular
subtypes, incorporating data from all three BOLD-MRI measurement cycles in the form of
a boxplot.
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Figure 2. Boxplots illustrating the median and interquartile range of the IVIM-MRI-related parameters
D (a), fIVIM (b), and D* (c), as well as the BOLD-MRI-related parameter ∆R2* (d), across breast-cancer
molecular subtypes. (* p < 0.05; *** p < 0.001).

3.2.2. IVIM MRI

Differences in fIVIM, a surrogate marker for the fraction of microvessel perfusion
within a respective voxel, were statistically significant (p = 0.04) between Her2+ and triple-
negative breast cancers. Additionally, the comparison of fIVIM between luminal A and
triple-negative breast cancers approached statistical significance (p = 0.05). However, the
comparison of D, representing extravascular diffusion, and D*, representing intravascular
perfusion, did not reveal any significant differences among the breast-cancer molecular
subtypes. Figure 2a–c illustrate the differences of the IVIM-MRI-related parameters D,
fIVIM, and D* between breast-cancer molecular subtypes.

3.2.3. Multivariate Analysis

The outcomes of PCA integrating all mpMRI parameters (D, fIVIM, D*, and ∆R2*) in
this study are illustrated in Figure 3. PCA revealed a distinct segregation between triple-
negative and luminal A breast cancers and between Her2+ and triple-negative molecular
breast cancers, primarily along the first principal component (PC1). The segregation was
influenced predominantly by variations in the parameters fIVIM and ∆R2*, both of which
contributed significantly to PC1 in terms of absolute values. Of note, for the comparison
shown in Figure 3, ∆R2* measurements from the first BOLD measurement cycle (of three
BOLD measurement cycles) were used. Table 2 gives a detailed overview on the loadings
of each principal component.
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Table 2. Loadings for principal-component analysis on the multiparametric MRI parameters D, fIVIM,
D*, and ∆R2* to distinguish between luminal A, Her2+, and triple-negative breast cancers.

Parameter PC1 PC2 PC3 PC4

fIVIM 0.6716729 −0.3464966 −0.2224006 0.6159007
D* −0.1683178 −0.7922028 −0.4168883 −0.4126595
D −0.4323694 −0.4692890 0.6342436 0.4365314

∆R2* −0.5775650 0.1792278 −0.6119454 0.5097243
Abbreviations: PC, principal component.

3.3. Fluorescent mpIHC

Table 3 details summary statistics (median, interquartile range) of the fraction of
cytoplasms stained for CD31, PDGFR-β, and Hif1-α. Statistically significant differences in
CD31 staining were observed between luminal A and Her2+ breast cancers (p < 0.05), as
well as between luminal A and triple-negative breast cancers (p < 0.005, Figure 4).

Table 3. Summary statistics (median, interquartile range) for fluorescent multiplexed immuno-
histochemistry stains of CD31, PDGFR-β, and Hif1-α for luminal A, Her2+, and triple-negative
breast cancers.

Subtype CD31 (%) PDGFR-β (%) Hif1-α (%)

Luminal A 2.27, 0.64 20.89, 15.29 1.04, 5.07
Her2+ 3.61, 3.97 * 10.25, 4.51 1.82, 7.28

Triple-negative 4.56, 1.89 ** 8.59, 3.24 7.26, 15.51
* Within a column, asterisks indicate statistically significant differences from luminal A breast cancers (* p < 0.05;
** p < 0.005).

The outcomes of PCA integrating CD31, PDGFR-β, and Hif1-α parameters derived
from ex vivo fluorescent mpIHC are summarized in Figure 5. Luminal A breast cancers were
differentiated from Her2+ and triple-negative subtypes primarily along an axis defined
by the first and second principal components. Clusters were mainly characterized by
differences in the expression levels of CD31 and PDGFR-β. Table 4 gives a detailed
overview on the contributions of each target protein to the principal components.
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Figure 5. Principal-component analysis of multiplexed immunohistochemistry parameters CD31,
PDGFR-β, and Hif1-α. Abbreviations: PC, principal component.

Table 4. Loadings for principal-component analysis on the multiplexed immunohistochemistry
parameters CD31, PDGFR-β, and Hif1-α to distinguish between luminal A, Her2+, and triple-
negative breast cancers.

Parameter PC1 PC2 PC3

PDGFR-β 0.6791799 0.410240 0.608620
Hif1-α −0.0863886 0.868131 −0.488759
CD31 −0.7288701 0.279378 0.625057

Abbreviations: PC, principal component.

4. Discussion

Our study shows that mpMRI of hypoxia and hypoxia-induced neoangiogenesis with-
out the application of GBCA allows clear separation of triple-negative breast cancers from
other breast-cancer molecular subtypes. The results are complemented by a multivariate
analysis of mpIHC-based biomarkers for hypoxia and hypoxia-induced neoangiogenesis,
in which luminal A breast cancers were clearly separated from Her2+ and triple-negative
breast cancers.
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To our knowledge, this preclinical pilot study is the first to highlight that breast cancers
of different molecular subtypes can be differentiated based on differences in hypoxia
and hypoxia-induced neoangiogenesis derived from non-invasive, non-contrast-enhanced
mpMRI. Of note, despite the high sensitivity of dynamic contrast-enhanced (DCE) MRI for
breast-cancer detection, its utility for molecular subtyping remains limited. In addition, the
use of GBCA has recently been questioned over the associated costs and logistics, risk for
hypersensitivity reactions, systemic nephrogenic fibrosis, and potential for accumulation in
the brain [47]. Of note, no clinical symptoms have been associated with the deposition of
macrocyclic GBCA [48,49]. Nevertheless, the identification of new imaging markers that
can exploit endogenous contrast instead of relying on GBCA for improved breast-cancer
characterization is desirable. Non-contrast-enhanced alternatives continue to be explored,
exemplified most successfully by DWI with apparent diffusion coefficient mapping, which
provides a surrogate marker of increased tissue density in cancers [33,34,50]. The addition
of DWI to standard DCE-MRI protocols has been shown to increase the specificity of breast-
cancer molecular subtyping as well as of the prediction of treatment response, therefore
demonstrating the potential of non-contrast-enhanced mpMRI-based imaging biomarkers
over DCE-MRI imaging biomarkers alone [23,50].

Technological improvements in hardware and software have spurred investigations of
non-contrast-enhanced imaging biomarkers beyond those of DWI that are highly sensitive
to the physiological changes involved in breast-cancer progression and in the development
of aggressive breast-cancer molecular subtypes. For instance, extending routine DWI
measurements to include low b-values enables the quantification of the microvasculature-
specific IVIM effect. The IVIM-MRI-related parameters D* and fIVIM have previously been
explored in breast cancer xenografts as well as in clinical studies [35,36,51–54]. Our study
indicates that fIVIM can be used to differentiate triple-negative from Her2+, as well as
luminal A, breast cancers. Triple-negative breast cancers have the lowest fIVIM values
among the investigated breast-cancer molecular subtypes in our study, reflecting their
compromised microvascular blood flow. In agreement with previous studies that found
that the quantification of D* is particularly challenging, we did not find the parameter D
useful for the characterization of molecular subtypes of breast cancers, although it may be
useful for the discrimination of malignant and benign breast lesions in a clinical setting [53].

Another non-contrast-enhanced MRI parameter explored in this study is the BOLD-
MRI-related ∆R2* parameter, which utilizes blood as an endogenous contrast agent. This
parameter depends on the oxygenation of erythrocyte-bound hemoglobin, creating local
susceptibility gradients detectable as MRI contrast. The decrease in R2* following a hyper-
oxic gas challenge, indicative of increased oxygenated blood flow, was most pronounced in
luminal A breast cancers, as previously demonstrated by our group [27].

In this preliminary preclinical study, we explored novel non-invasive non-contrast-
enhanced MRI markers for hypoxia and hypoxia-induced angiogenesis. Clear distinctions
were observed between luminal A and triple-negative breast cancers, while there was
overlap between intermediate Her2+ and the luminal A breast cancers. These differences
were mainly rooted in the significant differences between breast-cancer molecular subtypes
in the IVIM-MRI-related parameter fIVIM and the BOLD-MRI-related parameter ∆R2*,
as shown by the parameters’ loadings on the first principal component. Unlike single-
parametric analyses, PCA-based clustering of breast cancer xenograft data revealed no
overlap between luminal A and triple-negative breast cancers. These findings suggest
that this novel non-contrast-enhanced mpMRI approach integrating both IVIM MRI and
BOLD MRI may enhance the specificity of breast-cancer molecular subtyping in clinical
investigations and allow a more comprehensive characterization of the heterogeneous
hypoxic tumor microenvironment [21,54].

Furthermore, we compared mpMRI analyses with mpIHC stainings of breast cancer
xenografts to validate the performance of the imaging parameters. The mpIHC approach
enabled the assessment of multiple markers (CD31, PDGFR-β, and Hif1-α) on the same
tissue slice as that of the imaging slice. While CD31 levels were higher in Her2+ and triple-
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negative cancers, indicating increased microvessel density, the low PDGFR-β presence
suggested limited blood-vessel maturation. In contrast, luminal A cancers exhibited fewer
CD31-positive cells and higher PDGFR-β levels, implying more efficient oxygen delivery.
However, differences in Hif1-α expression were not statistically significant between breast-
cancer molecular subtypes. Additionally, multivariate analysis of mpIHC data showed
clear separation between luminal A and triple-negative breast cancers, with Her2+ breast
cancers largely overlapping with triple-negative breast cancers. These differences were
driven by differences in CD31 and PDGFR-β expression. Overall, the findings from mpIHC
analysis corroborate those from mpMRI, indicating that while triple-negative cancers may
have higher microvessel density, their vascular maturity is insufficient for effective oxygen
delivery. In contrast, the higher fIVIM and more pronounced ∆R2* in luminal A breast
cancers suggest better oxygen delivery compared to triple-negative breast cancers.

In regard to the limitations in this study, corresponding mpIHC data were not available
for all imaging data, and therefore, insights into the correlations between histological and
MRI parameters are limited. In addition, our study relied on data from xenograft tumors
only. For a more in-depth assessment of tumor hypoxia, longitudinal studies that capture
the dynamic changes in the hypoxic tumor microenvironment and include inter-observer
reliability assessment should be performed, which was beyond the scope of the currently
presented project. Future translational studies should investigate further whether a non-
contrast-enhanced mpMRI approach using hyperoxic BOLD MRI and IVIM MRI is also
useful for the discrimination of breast cancers in patients.

5. Conclusions

A non-contrast-enhanced mpMRI protocol combing hyperoxic-BOLD-MRI and IVIM-
MRI measurements was shown to allow the discrimination of triple-negative from luminal A
and Her2+ breast cancers and the assessment of hypoxia and hypoxia-induced angiogenesis
in xenograft models of breast cancer, with mpIHC data supporting mpMRI findings. Larger-
scale preclinical and translational future studies should investigate correlations between
mpIHC-based and mpMRI-based biomarkers of hypoxia and hypoxia-induced angiogenesis.
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14. Ajduković, J. HIF-1—A big chapter in the cancer tale. Exp. Oncol. 2016, 38, 9–12. [CrossRef]
15. de Heer, E.C.; Jalving, M.; Harris, A.L. HIFs, angiogenesis, and metabolism: Elusive enemies in breast cancer. J. Clin. Investig.

2020, 130, 5074–5087. [CrossRef]
16. Jarman, E.J.; Ward, C.; Turnbull, A.K.; Martinez-Perez, C.; Meehan, J.; Xintaropoulou, C.; Sims, A.H.; Langdon, S.P. HER2

regulates HIF-2alpha and drives an increased hypoxic response in breast cancer. Breast Cancer Res. 2019, 21, 10. [CrossRef]
17. Yang, J.; AlTahan, A.; Jones, D.T.; Buffa, F.M.; Bridges, E.; Interiano, R.B.; Qu, C.; Vogt, N.; Li, J.L.; Baban, D.; et al. Estrogen

receptor-alpha directly regulates the hypoxia-inducible factor 1 pathway associated with antiestrogen response in breast cancer.
Proc. Natl. Acad. Sci. USA 2015, 112, 15172–15177. [CrossRef] [PubMed]

18. Ribatti, D.; Nico, B.; Ruggieri, S.; Tamma, R.; Simone, G.; Mangia, A. Angiogenesis and Antiangiogenesis in Triple-Negative
Breast cancer. Transl Oncol 2016, 9, 453–457. [CrossRef]

19. Vaupel, P. Hypoxia and aggressive tumor phenotype: Implications for therapy and prognosis. Oncologist 2008, 13 (Suppl. S3),
21–26. [CrossRef]

20. Pinker, K.; Bogner, W.; Baltzer, P.; Karanikas, G.; Magometschnigg, H.; Brader, P.; Gruber, S.; Bickel, H.; Dubsky, P.; Bago-Horvath,
Z.; et al. Improved differentiation of benign and malignant breast tumors with multiparametric 18fluorodeoxyglucose positron
emission tomography magnetic resonance imaging: A feasibility study. Clin. Cancer Res. 2014, 20, 3540–3549. [CrossRef]
[PubMed]

21. Pinker, K.; Helbich, T.H.; Morris, E.A. The potential of multiparametric MRI of the breast. Br. J. Radiol. 2017, 90, 20160715.
[CrossRef]

22. Bennani-Baiti, B.; Pinker, K.; Zimmermann, M.; Helbich, T.H.; Baltzer, P.A.; Clauser, P.; Kapetas, P.; Bago-Horvath, Z.; Stadlbauer,
A. Non-Invasive Assessment of Hypoxia and Neovascularization with MRI for Identification of Aggressive Breast Cancer. Cancers
2020, 12, 2024. [CrossRef]

23. Pinker, K.; Bickel, H.; Helbich, T.; Gruber, S.; Dubsky, P.; Pluschnig, U.; Rudas, M.; Bago-Horvath, Z.; Weber, M.; Trattnig, S.
Combined contrast-enhanced magnetic resonance and diffusion-weighted imaging reading adapted to the “Breast Imaging
Reporting and Data System” for multiparametric 3-T imaging of breast lesions. Eur. Radiol. 2013, 23, 1791–1802. [CrossRef]

24. Rahbar, H.; Partridge, S.C. Multiparametric Breast MRI of Breast Cancer. Magn. Reson. Imaging Clin. N. Am. 2016, 24, 223–238.
[CrossRef]

https://doi.org/10.1007/s10555-017-9684-y
https://doi.org/10.1038/s41416-021-01328-7
https://doi.org/10.3389/fmed.2017.00227
https://doi.org/10.1158/2159-8290.CD-21-1059
https://doi.org/10.1016/j.cell.2011.02.013
https://doi.org/10.1080/09553000601002324
https://doi.org/10.1016/S1471-4914(02)02317-1
https://www.ncbi.nlm.nih.gov/pubmed/11927290
https://doi.org/10.1038/nrc1187
https://www.ncbi.nlm.nih.gov/pubmed/13130303
https://doi.org/10.1002/jcb.22214
https://doi.org/10.1038/nrc1093
https://www.ncbi.nlm.nih.gov/pubmed/12778130
https://doi.org/10.1158/0008-5472.CAN-03-1957
https://doi.org/10.1007/BF02967651
https://www.ncbi.nlm.nih.gov/pubmed/14634509
https://doi.org/10.1038/nrc2468
https://doi.org/10.31768/2312-8852.2016.38(1):9-12
https://doi.org/10.1172/JCI137552
https://doi.org/10.1186/s13058-019-1097-0
https://doi.org/10.1073/pnas.1422015112
https://www.ncbi.nlm.nih.gov/pubmed/26598706
https://doi.org/10.1016/j.tranon.2016.07.002
https://doi.org/10.1634/theoncologist.13-S3-21
https://doi.org/10.1158/1078-0432.CCR-13-2810
https://www.ncbi.nlm.nih.gov/pubmed/24963052
https://doi.org/10.1259/bjr.20160715
https://doi.org/10.3390/cancers12082024
https://doi.org/10.1007/s00330-013-2771-8
https://doi.org/10.1016/j.mric.2015.08.012


Cancers 2024, 16, 375 13 of 14

25. Liu, M.; Guo, X.; Wang, S.; Jin, M.; Wang, Y.; Li, J.; Liu, J. BOLD-MRI of breast invasive ductal carcinoma: Correlation of R2* value
and the expression of HIF-1alpha. Eur. Radiol. 2013, 23, 3221–3227. [CrossRef] [PubMed]

26. Rakow-Penner, R.; Daniel, B.; Glover, G.H. Detecting blood oxygen level-dependent (BOLD) contrast in the breast. J. Magn. Reson.
Imaging 2010, 32, 120–129. [CrossRef] [PubMed]

27. Bartsch, S.J.; Ehret, V.; Friske, J.; Frohlich, V.; Laimer-Gruber, D.; Helbich, T.H.; Pinker, K. Hyperoxic BOLD-MRI-Based
Characterization of Breast Cancer Molecular Subtypes Is Independent of the Supplied Amount of Oxygen: A Preclinical Study.
Diagnostics 2023, 13, 2946. [CrossRef] [PubMed]

28. O’Connor, J.P.B.; Robinson, S.P.; Waterton, J.C. Imaging tumor hypoxia with oxygen-enhanced MRI and BOLD MRI. Br. J. Radiol.
2019, 92, 20180642. [CrossRef]

29. Ogawa, S.; Lee, T.M.; Kay, A.R.; Tank, D.W. Brain magnetic resonance imaging with contrast dependent on blood oxygenation.
Proc. Natl. Acad. Sci. USA 1990, 87, 9868–9872. [CrossRef]

30. Raichle, M.E. Behind the scenes of functional brain imaging: A historical and physiological perspective. Proc. Natl. Acad. Sci.
USA 1998, 95, 765–772. [CrossRef]

31. Le Bihan, D. What can we see with IVIM MRI? NeuroImage 2019, 187, 56–67. [CrossRef] [PubMed]
32. Le Bihan, D.; Breton, E.; Lallemand, D.; Aubin, M.-L.; Vignaud, J.; Laval-Jeantet, M. Separation of diffusion and perfusion in

intravoxel incoherent motion MR imaging. Radiology 1988, 168, 497–505. [CrossRef]
33. Fusco, R.; Granata, V.; Mattace Raso, M.; Vallone, P.; De Rosa, A.P.; Siani, C.; Di Bonito, M.; Petrillo, A.; Sansone, M. Blood

Oxygenation Level Dependent Magnetic Resonance Imaging (MRI), Dynamic Contrast Enhanced MRI, and Diffusion Weighted
MRI for Benign and Malignant Breast Cancer Discrimination: A Preliminary Experience. Cancers 2021, 13, 2421. [CrossRef]

34. Fusco, R.; Granata, V.; Pariante, P.; Cerciello, V.; Siani, C.; Di Bonito, M.; Valentino, M.; Sansone, M.; Botti, G.; Petrillo, A. Blood
oxygenation level dependent magnetic resonance imaging and diffusion weighted MRI imaging for benign and malignant breast
cancer discrimination. Magn. Reson. Imaging 2021, 75, 51–59. [CrossRef] [PubMed]

35. Iima, M. Perfusion-driven Intravoxel Incoherent Motion (IVIM) MRI in Oncology: Applications, Challenges, and Future Trends.
Magn. Reson. Med. Sci. 2021, 20, 125–138. [CrossRef]

36. Iima, M.; Honda, M.; Sigmund, E.E.; Ohno Kishimoto, A.; Kataoka, M.; Togashi, K. Diffusion MRI of the breast: Current status
and future directions. J. Magn. Reson. Imaging 2020, 52, 70–90. [CrossRef] [PubMed]

37. Harms, P.W.; Frankel, T.L.; Moutafi, M.; Rao, A.; Rimm, D.L.; Taube, J.M.; Thomas, D.; Chan, M.P.; Pantanowitz, L. Multiplex
immunohistochemistry and immunofluorescence: A practical update for pathologists. Mod. Pathol. 2023, 36, 100197. [CrossRef]

38. Toi, M.; Tominaga, T.; Kashitani, J. Tumor angiogenesis is an independent prognostic indicator in primary breast carcinoma. Int. J.
Cancer 1993, 55, 371–374. [CrossRef]

39. Zaha, D.C. Significance of immunohistochemistry in breast cancer. World J. Clin. Oncol. 2014, 5, 382–392. [CrossRef] [PubMed]
40. Carmeliet, P.; Jain, R.K. Angiogenesis in cancer and other diseases. Nature 2000, 407, 249–257. [CrossRef]
41. Hellström, M.; Gerhardt, H.; Kalén, M.; Li, X.; Eriksson, U.; Wolburg, H.; Betsholtz, C. Lack of pericytes leads to endothelial

hyperplasia and abnormal vascular morphogenesis. J. Cell Biol. 2001, 153, 543–554. [CrossRef] [PubMed]
42. Bergers, G.; Song, S. The role of pericytes in blood-vessel formation and maintenance. Neuro-Oncology 2005, 7, 452–464. [CrossRef]
43. Carvalho, I.; Milanezi, F.; Martins, A.; Reis, R.M.; Schmitt, F. Overexpression of platelet-derived growth factor receptor alpha in

breast cancer is associated with tumour progression. Breast Cancer Res. 2005, 7, R788–R795. [CrossRef]
44. Gehmert, S.; Gehmert, S.; Prantl, L.; Vykoukal, J.; Alt, E.; Song, Y.H. Breast cancer cells attract the migration of adipose tissue-

derived stem cells via the PDGF-BB/PDGFR-beta signaling pathway. Biochem. Biophys. Res. Commun. 2010, 398, 601–605.
[CrossRef]

45. Chiavarina, B.; Whitaker-Menezes, D.; Migneco, G.; Martinez-Outschoorn, U.E.; Pavlides, S.; Howell, A.; Tanowitz, H.B.; Casimiro,
M.C.; Wang, C.; Pestell, R.G.; et al. HIF1-alpha functions as a tumor promoter in cancer associated fibroblasts, and as a tumor
suppressor in breast cancer cells: Autophagy drives compartment-specific oncogenesis. Cell Cycle 2010, 9, 3534–3551. [CrossRef]

46. Vleugel, M.M.; Greijer, A.E.; Shvarts, A.; van der Groep, P.; van Berkel, M.; Aarbodem, Y.; van Tinteren, H.; Harris, A.L.; van Diest,
P.J.; van der Wall, E. Differential prognostic impact of hypoxia induced and diffuse HIF-1alpha expression in invasive breast
cancer. J. Clin. Pathol. 2005, 58, 172–177. [CrossRef]

47. Fraum, T.J.; Ludwig, D.R.; Bashir, M.R.; Fowler, K.J. Gadolinium-based contrast agents: A comprehensive risk assessment. J.
Magn. Reson. Imaging 2017, 46, 338–353. [CrossRef]

48. Weinreb, J.C.; Rodby, R.A.; Yee, J.; Wang, C.L.; Fine, D.; McDonald, R.J.; Perazella, M.A.; Dillman, J.R.; Davenport, M.S. Use
of Intravenous Gadolinium-based Contrast Media in Patients with Kidney Disease: Consensus Statements from the American
College of Radiology and the National Kidney Foundation. Radiology 2021, 298, 28–35. [CrossRef]

49. Van der Molen, A.J.; Quattrocchi, C.C.; Mallio, C.A.; Dekkers, I.A.; European Society of Magnetic Resonance in Medicine,
Biology Gadolinium Research, Educational Committee (ESMRMB-GREC). Ten years of gadolinium retention and deposition:
ESMRMB-GREC looks backward and forward. Eur Radiol. 2023, 1–12, Erratum in Eur. Radiol. 2023. [CrossRef]

50. Baltzer, A.; Dietzel, M.; Kaiser, C.G.; Baltzer, P.A. Combined reading of contrast enhanced and diffusion weighted magnetic
resonance imaging by using a simple sum score. Eur. Radiol. 2016, 26, 884–891. [CrossRef] [PubMed]

51. Baltzer, P.; Mann, R.M.; Iima, M.; Sigmund, E.E.; Clauser, P.; Gilbert, F.J.; Martincich, L.; Partridge, S.C.; Patterson, A.; Pinker,
K. Diffusion-weighted imaging of the breast—A consensus and mission statement from the EUSOBI International Breast
Diffusion-Weighted Imaging working group. Eur. Radiol. 2020, 30, 1436–1450. [CrossRef] [PubMed]

https://doi.org/10.1007/s00330-013-2937-4
https://www.ncbi.nlm.nih.gov/pubmed/23835924
https://doi.org/10.1002/jmri.22227
https://www.ncbi.nlm.nih.gov/pubmed/20578018
https://doi.org/10.3390/diagnostics13182946
https://www.ncbi.nlm.nih.gov/pubmed/37761313
https://doi.org/10.1259/bjr.20180642
https://doi.org/10.1073/pnas.87.24.9868
https://doi.org/10.1073/pnas.95.3.765
https://doi.org/10.1016/j.neuroimage.2017.12.062
https://www.ncbi.nlm.nih.gov/pubmed/29277647
https://doi.org/10.1148/radiology.168.2.3393671
https://doi.org/10.3390/cancers13102421
https://doi.org/10.1016/j.mri.2020.10.008
https://www.ncbi.nlm.nih.gov/pubmed/33080334
https://doi.org/10.2463/mrms.rev.2019-0124
https://doi.org/10.1002/jmri.26908
https://www.ncbi.nlm.nih.gov/pubmed/31520518
https://doi.org/10.1016/j.modpat.2023.100197
https://doi.org/10.1002/ijc.2910550305
https://doi.org/10.5306/wjco.v5.i3.382
https://www.ncbi.nlm.nih.gov/pubmed/25114853
https://doi.org/10.1038/35025220
https://doi.org/10.1083/jcb.153.3.543
https://www.ncbi.nlm.nih.gov/pubmed/11331305
https://doi.org/10.1215/S1152851705000232
https://doi.org/10.1186/bcr1304
https://doi.org/10.1016/j.bbrc.2010.06.132
https://doi.org/10.4161/cc.9.17.12908
https://doi.org/10.1136/jcp.2004.019885
https://doi.org/10.1002/jmri.25625
https://doi.org/10.1148/radiol.2020202903
https://doi.org/10.1007/s00330-023-10281-3
https://doi.org/10.1007/s00330-015-3886-x
https://www.ncbi.nlm.nih.gov/pubmed/26115653
https://doi.org/10.1007/s00330-019-06510-3
https://www.ncbi.nlm.nih.gov/pubmed/31786616


Cancers 2024, 16, 375 14 of 14

52. Honda, M.; Iima, M.; Kataoka, M.; Fukushima, Y.; Ota, R.; Ohashi, A.; Toi, M.; Nakamoto, Y. Biomarkers predictive of distant
disease-free survival derived from diffusion-weighted imaging of breast cancer. Magn. Reson. Med. Sci. 2022, 22, 469–476.
[CrossRef] [PubMed]

53. Iima, M.; Kataoka, M.; Kanao, S.; Onishi, N.; Kawai, M.; Ohashi, A.; Sakaguchi, R.; Toi, M.; Togashi, K. Intravoxel incoherent
motion and quantitative non-Gaussian diffusion MR imaging: Evaluation of the diagnostic and prognostic value of several
markers of malignant and benign breast lesions. Radiology 2018, 287, 432–441. [CrossRef] [PubMed]

54. Iima, M.; Nobashi, T.; Imai, H.; Koyasu, S.; Saga, T.; Nakamoto, Y.; Kataoka, M.; Yamamoto, A.; Matsuda, T.; Togashi, K. Effects
of diffusion time on non-Gaussian diffusion and intravoxel incoherent motion (IVIM) MRI parameters in breast cancer and
hepatocellular carcinoma xenograft models. Acta Radiol Open 2018, 7, 2058460117751565. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.2463/mrms.mp.2022-0060
https://www.ncbi.nlm.nih.gov/pubmed/35922924
https://doi.org/10.1148/radiol.2017162853
https://www.ncbi.nlm.nih.gov/pubmed/29095673
https://doi.org/10.1177/2058460117751565

	Non-Contrast-Enhanced Multiparametric MRI of the Hypoxic Tumor Microenvironment Allows Molecular Subtyping of Breast Cancer: A Pilot Study
	Simple Summary
	Abstract
	Introduction 
	Materials and Methods 
	Breast-Cancer Xenograft Model 
	Experimental Setup 
	mpMRI Protocol 
	Tumor Resection and Fluorescent mpIHC 
	Imaging Post-Processing 
	BOLD MRI 
	IVIM MRI 
	Fluorescent mpIHC 

	Statistical Analysis 

	Results 
	IVIM-MRI and BOLD-MRI Parameter Maps 
	mpMRI 
	BOLD-MRI 
	IVIM MRI 
	Multivariate Analysis 

	Fluorescent mpIHC 

	Discussion 
	Conclusions 
	References

